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(57) ABSTRACT

A method for characterizing at least one signal source is
disclosed. In one aspect, the method includes measuring,
from a set of sensors, a set of technical data specific to the
signals emitted by the signal source, grouping together the
technical data in a set of classes depending on the correlations
on the data and characterizing the signal source from techni-
cal data having been grouped together. The grouping step
includes calculating correlations on the data n-tuples with
n>2 and calculating a global partitioning error for different
distributions of the data in classes. The global partitioning
error is defined as a sum of the partitioning costs for all the
n-tuples. The grouping further includes retaining as a group-
ing of data, the distribution in the classes minimizing the
global partitioning error.

8 Claims, 3 Drawing Sheets
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1
METHOD FOR CHARACTERIZING AT
LEAST ONE SIGNAL SOURCE

CROSS-REFERENCE TO RELATED
APPLICATIONS

This application claims benefit under 35 U.S.C. §119 of
French Application No. 13 02093, filed Sep. 9, 2013, which is
herein incorporated by reference in its entirety.

BACKGROUND OF THE INVENTION

1. Field of the Invention

The described technology relates to a method for charac-
terizing at least one signal including the steps of: measuring,
from a set of sensors, a set of technical data specific to the
signals emitted by the source signal; grouping the technical
data in a set of classes depending on the correlations on the
data; and characterizing the signal source from technical data
having been grouped together.

2. Description of the Related Art

Certain pieces of electronic equipment, such as goniomet-
ric equipment or radars produce data flows representative of
technical elements which are in a very substantial amount. In
order to ensure the processing of these data, it is often neces-
sary to group these data in a certain number of classes char-
acterizing the entities which are at the origin of these data
(emitter, radar echo, etc.). The data are grouped in these
classes depending on their proximity with regards to certain
similarity criteria.

A widely used method for grouping data into different
classes is relational analysis. This technique is based on the
use of measuring similarity and on pairwise comparisons
made among the data. The measurement of similarity is a
value existing for each pair of data. This value is representa-
tive ofthe proximity of two data with regards to one or several
criteria.

In certain situations, the similarity measurement for each
of'the pairs does not exist and only a correlation on n-tuples of
data (n>2) is available.

Relational analysis then cannot be applied and the distri-
bution of the data into the different classes is carried out with
difficulty, except if ad hoc methods dedicated to the relevant
problem are used.

For example, a <<multi-localization >> method is used for
grouping goniometric measurements per emitter or further
methods based on DTOA (Ditference of Time of Arrival) for
deinterlacing periodic pulse signals.

The necessity of defining an ad hoc process depending on
the type of data to be processed for grouping together data per
class is complex to apply and has a relatively high develop-
ment cost.

SUMMARY OF CERTAIN INVENTIVE ASPECTS

An object of certain embodiments is to propose a general
method for characterization per data class which may be of
general use for characterizing a signal source.

For this purpose, an object of certain embodiments is a
method for characterizing at least one signal source, wherein
the grouping step comprises:

a) calculating correlations on data n-tuples with n>2;

b) calculating a global partitioning error for difterent distri-
butions of the data in classes, the global error being defined
as a sum, for all the n-tuples:
of the partitioning costs (1-c(i, . . . c¢i,)) of an n-tuple in a

same class if all the data of the n-tuple are in a same
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class, the partitioning cost (1-c(i,. . . i,,)) in a same class
being a decreasing function of the correlation of the
n-tuple; and
of the partitioning costs (c¢(i;, . . . 1,,)) of an n-tuple in
different classes when all the data of the n-tuple are not
in a same class, the partitioning cost (c(i; . . . i,)) in
different classes being an increasing function of the
correlation of the n-tuple; and
¢) retaining as a grouping of data the distribution in the classes
minimizing the global error.
According to particular embodiments, the method includes
one or more of the following features:
the partitioning cost in a same class is equal to 1 minus the
correlation of the n-tuple (1-c(i,, . . . i,)) and the parti-
tioning cost in different classes is equal to the correlation
of the n-tuple (c(i, . .. 1,));
the calculation of a global partitioning error for different
distributions includes:
al) an additional step for distributing the data in M classes;
a2) astep for displacement of the data among the classes with
for each displacement the calculation of a global partition-
ing error;
the initial distribution step includes the calculation of a
consistency function among the data of a class and the
selection, for generating a new class, of the data of the
set with a maximum cardinality and the consistency
function of which is greater than a predetermined thresh-
old;
the technical data are emission directions of signals inter-
cepted from the signal source and the characterization of
the signal source includes a step for estimating the posi-
tion of the signal source by triangulation of the data of a
same class for each source; and
the technical data are pieces of time information charac-
teristic of the intercepted signals from the signal source
and the characterization of the signal source includes
and a step for estimating the emission mode of each
source from time information characteristic of a same
class for each source.
Another object of certain embodiments is also a system for
characterizing at least one signal source including:
means for measuring, from a set of sensors, a set of tech-
nical data specific to the signals emitted by the signal
source;
means for grouping together technical data into a set of
classes depending on the correlations on the data; and
means for characterizing the signal source from the tech-
nical data having been grouped together;
wherein the grouping means comprise:
a) means for calculating correlations on data n-tuples n>2;
b) means for calculating a global partitioning error for differ-
ent distributions of data in classes, the global error being
defined as a sum, for all the n-tuples:
of the partitioning costs (1-c(i,, . . . ci,)) of ann-tuple in a
same class if all the data of the n-tuple are in a same
class, the partitioning cost (1-c(i, . . .1,)) in a same class
being a decreasing function of the correlation of the
n-tuple; and
of the partitioning costs (c(i;, . . . i,)) of an n-tuple in
different classes when all the data of the n-tuple are not
in a same class, the partitioning cost (c(i;. . . 1,)) in
different classes being an increasing function of the
correlation of the n-tuple; and
¢) means for retaining as a grouping of data the distribution in
the classes minimizing the global error.
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BRIEF DESCRIPTION OF THE DRAWINGS

The described technology will better understood upon
reading the description which follows, only given as example
and made with reference to the drawings wherein:

FIG.11s aschematic view illustrating signal sources and an
installation for characterizing these sources according to an
embodiment;

FIG. 2 is a flowchart of the grouping method as applied in
an embodiment; and

FIG. 3 is a schematic view illustrating the description of
elements in several classes.

DETAILED DESCRIPTION OF CERTAIN
ILLUSTRATIVE EMBODIMENTS

The described technology will now be described within the
scope of localizing a set of emitters by goniometry.

For this purpose, the system 8 illustrated in FIG. 1 includes
several receivers 10 each provided with a suitable antenna.
These receivers 10 are placed in an emission field of several
emitters 12, the positions of which are sought.

Each receiver 10 is able to determine, for each signal
received from an emitter, an azimuth giving the direction of
the emitter from which the intercepted signal is emitted and
an estimated standard deviation of this azimuth.

The installation further includes an information processing
central unit 14 to which are connected the communication
receivers by any suitable means for transmitting each azimuth
and corresponding standard deviation.

The measured azimuths and the corresponding standard
deviations are Gaussian measurements or data. They are
stored in memory in a set Q of data in the information pro-
cessing unit 14.

The information processing unit 14 is able from the data set
Q, to determine the most likely positions of the emitters 10
from calculations of correlations made on these data and from
grouping these data in classes on the basis of these correla-
tions.

Each class corresponds to an emitter and the position of the
emitter is calculated by triangulation from the data of the
class.

Within the scope, the data of the set €2 are Gaussian azi-
muth read-out measurements. They are defined by a measure-
ment position and azimuth giving the direction of the inter-
cepted emitter and an estimated standard deviation of this
azimuth.

The correlation measurement is defined by any subset of
datanoted from i, to i, with a cardinality p=3 by the following
empirical variance:

Ifnone of the azimuths intersect each other, ¢{i,, i, ...,1,}=0

Otherwise:

alocalization M{i,, i, ...,i,} is calculated corresponding
to the p-tuple by a triangulation method, assuming that
all the measurements comes from a single emitter. The
localization is obtained for example by using an estima-
tion method based on the maximum likelihood prin-
ciple, a so-called Torrieri algorithm, well known to those
skilled in the art.

15

25

30

35

40

45

60

4

The correlation of the p-tuple is calculated according to the
following formula of the empirical variance:

P

_l—pjr22|lj—lj|

clir, igs -

wherein ij is the theoretical azimuth of the j-th measurement
associated with a position M{i,, 1, . .., 1,} of the emitter.

For characterizing the emission sources, and notably here
the determination of their position, the method illustrated in
FIG. 2 is applied by the unit 14.

In the initial step 300, the correlations between all the
n-tuples of the whole of the elements are determined and are
stored in a database. The correlation for the elements
{i},ip .. .1,} isnotedasc, , ;.

During an initial phase 302, the whole of the elements is
distributed in classes and then the elements are redistributed
in a second phase 304 among the classes for optimizing the
grouping.

In FIG. 3, three classes noted as Al, A2 and A3, each
including technical elements, are illustrated. Each element of
a class is formed with one datum.

Itis supposed in this example, that the correlation is known
between the whole of these elements, for these elements taken
5 by 5. Thus, a correlation between the elements of each
quintuplet of five elements, such as the quintuplets C1 and C2
illustrated in FIG. 1, is known. The correlation of each quin-
tuplet is a real number comprised between 0 and 1.

Initially, in step 306, a set ©, of the elements remaining to
be grouped in classes is assumed to be equal to the set Q of all
the elements.

In step 308, the largest p-tuple [i;, . . . 1,] is sought in £,
such that: Coh({i, . .. i, })>threshold (condition 1). The value
threshold is defined depending on the problem and is suffi-
ciently small so that at least two p-tuples which meet condi-
tion 1 exist.

The coherence function noted as Coh( ) of a class A is
defined by:

If the correlation function c is strictly defined on " with

p>n:

0

1
Coh(A)= == > Cipiyoin it by oes

SinlcA

i, being distinct
1AL i,

If the correlation function is defined on €27 or on

Uer

pzn

(i.e. for an n-tuple of any size):

the coherence function is directly given by applying the cor-

relation function to the whole of the elements of the class:

Coh(A) =c{iy, iy, . . ., i fou A={iy, iy, .o iy}

withe, ., :the correlatlon of the elements {in, 1oy - - 1,}
Coh(A)=

and [Al de51gnates the cardinal of A

Here, the coherence  measurement
c{if, iy - . .,1. ) of asubset A of elements A={i,,1,, ...,1.4}
of cardinality | Al=p=3 is directly defined by the measurement
of correlation ¢{i,, 15, . . ., i,} of the p-tuple.
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If during the test conducted in step 310, several p-tuples
with maximum cardinality meet condition 1, the p-tuple lead-
ing to maximum coherence is selected in step 312.

From this p-tuple, a C, is generated. It initially only con-
tains the elements of this p-tuple.

In step 316, the set €2, of the elements to be grouped is
reduced by the elements of the p-tuple assigned to the new
generated class. Steps 308 and the following are again
applied.

If a single p-tuple meets condition 1 of step 308 during a
test carried out in step 320, then this p-tuple is used for
generating a new class c, in step 314.

It no p-tuple is found as meeting the condition of step 308
during the test carried out in step 320, the whole of the
remaining elements are placed in step 324, each individually
in a new singleton class.

The optimization phase 304 is then applied.

Initially, the classes C, defined beforchand are ordered by
increasing cardinality in step 330 and a first class of minimum
cardinality is selected in step 332. The elements contained in
the class are also ordered in step 334 arbitrarily and a first
element is selected in step 336.

A global error Er(x) of the distribution among the classes is
thus calculated in this state before any displacement of the
element i. This global error of a partitioning X corresponds to
the sum of the partitioning costs on all the n-tuples of distinct
elements and is expressed in the form:

Er(X) =

2

ifuige i€

(CigigsninFigsinsoin T (1= Cigig,.in )y Kif g i)

whereinXx,; ,» #—1ifV i sameclass and 0 otherwise
(i.e.if atleast two elements i, and i, do not belong to the same
class)

The partitioning cost for an n-tuple is given here by:

Ifi,1,, . ..1,E same class C;: cost=1-c(i;, i,, . . . 1,,)
Ifi, i,, . . . 1,E€ different classes: cost=c(i;, i, . . . 1,,)
whereinc, . ., isthe correlation between the elements {i,
N

iy ...,

More generally, the partitioning cost is a decreasing func-
tion of the correlation of the n-tuples if all the elements of the
n-tuple are in a same class and an increasing function if all the
elements of the n-tuple are not in a same class.

The global error Er(X) is then calculated by displacing the
selected element i in step 336 to each of the other classes.

In step 340, it is determined whether the global error Er(X)
is lowered upon displacing the element i. Ifthis is the case, the
element i is introduced in step 342 into the class with which
the smallest global error Er(X) may be obtained.

If'the global error does not decrease, the element i is main-
tained in its initial class in step 343.

Next in step 344, it is then determined whether there
remain elements i in the relevant class.

If'this is the case, the following element is selected in step
346 and steps 338 and the following are again applied.

Ifthis is not the case, in step 348, it is determined whether
there remain classes which have not yet been covered. If this
is the case, the following class is selected in step 350 and steps
338 and the following are again applied. If all the classes have
been scanned, the algorithm is terminated in step 352.

By applying the algorithm, it is then possible to determine
the classes of azimuths having a good correlation. Each of
these classes is then assumed to correspond to a single emit-
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6

ter, and localization by triangulation is then applied for each
class, for example with a maximum likelihood method, a
so-called Torrieri algorithm.

By applying the general method, the list of the emitters at
the origin of the goniometry measurements and their esti-
mated localization are obtained.

It is realized that with such an algorithm, the generated
classes initially are relatively coherent and the displacement
of'the elements possibly from one class to the other in order to
allow a decrease in the global partitioning error, gives the
possibility of further improving the situation. Thus a distri-
bution of the technical elements in relatively similar classes is
easily obtained.

Alternatively, the installation is able to define for each
emission source the emission method. For this purpose, the
measured data are pieces of time information characteristic of
the emitted signal (frequency, waveform, etc.) from each
receiver.

These pieces of information are correlated and grouped
together according to the algorithm of the previous embodi-
ment.

For each data class thereby obtained, the emitter is charac-
terized from pieces of time information measured by any
suitable known method.

The computing environment included in the information
processing unit 14 includes computer programs or code.
Computer programs are executed by data processors. Each
program may contain a number of modules and whether
modularized or not, instructions to be read and executed by a
computing environment. Instructions refer to computer-
implemented steps for processing information in the system.
Instructions can be implemented in software, firmware or
hardware and include any type of programmed step under-
taken by components of the system.

The computing environment also includes one or more
memories. Memory refers to electronic circuitry that allows
information, typically computer data, to be stored and
retrieved. Memory can refer to external devices or systems,
for example, disk drives or tape drives. Memory can also refer
to fast semiconductor storage (chips), for example, random
access memory (RAM) or various forms of read only memory
(ROM) are directly connected to the processor. Other types of
memory include flash, RRAM, STTRAM, DRAM, SRAM,
hard disk drives, etc. Such computer readable memories are
generally non-transitory.

As can be appreciated by one of ordinary skill in the art,
each of the modules of the program(s) can include various
sub-routines, procedures, definitional statements, and mac-
ros. Bach of the modules are typically separately compiled
and linked into a single executable program. Therefore, any
description of modules is used for convenience to describe the
functionality of the system. Thus, the processes that are
undergone by each of the modules may be arbitrarily redis-
tributed to one of the other modules, combined together in a
single module, or made available in a shareable dynamic link
library. Further each of the modules could be implemented in
hardware.

A person of skill in the art would readily recognize that
steps of various above-described methods can be performed
by programmed computers. Herein, some embodiments are
also intended to cover program storage devices, e.g., digital
data storage media, which are machine or computer readable
and encode machine-executable or computer-executable pro-
grams of instructions, wherein said instructions perform
some or all of the steps of said above-described methods. The
program storage devices may be, e.g., digital memories, mag-
netic storage media such as a magnetic disks and magnetic
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tapes, hard drives, or optically readable digital data storage
media. The embodiments are also intended to cover comput-
ers programmed to perform said steps of the above-described
methods.

While there have been shown and described and pointed
out the fundamental novel features of the invention as applied
to certain inventive embodiments, it will be understood that
the foregoing is considered as illustrative only of the prin-
ciples of the invention and not intended to be exhaustive or to
limit the invention to the precise forms disclosed. Obvious
modifications or variations are possible in light of the above
teachings. The embodiments discussed were chosen and
described to provide the best illustration of the principles of
the invention and its practical application to enable one of
ordinary skill in the art to utilize the invention in various
embodiments and with various modifications as are suited to
the particular use contemplate. All such modifications and
variations are within the scope of the invention as determined
by the appended claims when interpreted in accordance with
the breadth to which they are entitled.

What is claimed is:

1. A method for characterizing at least one wireless signal
source, comprising:

measuring, from a set of sensors having antennas, a set of

technical data specific to the signals emitted by the sig-
nal source;

grouping together the technical data in a set of classes

depending on correlations on the data; and
characterizing the signal source from the technical data
having been grouped together;

wherein the grouping step comprises:

calculating correlations on data n-tuples with n>2;
calculating a global partitioning error for different dis-
tributions of the data in the classes, the global parti-
tioning error being defined as a sum, for all the
n-tuples:
of'the partitioning costs of an n-tuple in the same class
if all the data ofthe n-tuple are in the same class, the
partitioning cost in the same class being a decreas-
ing function of the correlation of the n-tuple; and
of the partitioning costs of an n-tuple in different
classes when all the data of the n-tuple are not in the
same class, the partitioning cost in the different
classes being an increasing function of the correla-
tion of the n-tuple; and
retaining as a grouping of data the distribution in the
classes minimizing the global partitioning error.

2. The method according to claim 1, wherein the partition-
ing cost in the same class is equal to 1 minus the correlation of
the n-tuple and wherein the partitioning cost in the different
classes is equal to the correlation of the n-tuple.

3. The method according to claim 1, wherein the calcula-
tion of the global partitioning error for different distributions
includes:

an initial step for distributing the data in M classes; and

a step for displacing data among the classes with, for each

displacement, the calculation of the global partitioning
error.

4. The method according to claim 3, wherein the initial
distribution step includes: i) the calculation of a coherence
function among the data of a class and ii) the selection, in
order to generate a new class, of the data from the set of
maximum cardinal and for which the coherence function is
greater than a predetermined threshold.

5. The method according to claim 1, wherein the technical
data are emission directions of intercepted signals from the
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signal source and wherein the characterization of the signal
source includes a step for estimating the position of the signal
source by triangulation of the data of the same class for each
of the sources.

6. The method according to claim 1, wherein the technical
data are pieces of time information characteristic of the inter-
cepted signals from the signal source and wherein the char-
acterization of the signal source includes a step for estimating
the emission method of each of the sources from time infor-
mation characteristic of the same class for each of the sources.

7. A system for characterizing at least one wireless signal
source, comprising:

means for measuring, from a set of sensors having anten-

nas, a set of technical data specific to the signals emitted
by the signal source;

means for grouping together the technical data in a set of

classes depending on the correlations on the data; and
means for characterizing the signal source from the tech-
nical data having been grouped together;

wherein the grouping means comprises:

means for calculating correlations on the data n-tuples
with n>2;
means for calculating a global partitioning error for dif-
ferent distributions of the data in the classes, the glo-
bal partitioning error being defined as a sum, for all
the n tuples:
of'the partitioning costs of an n-tuple in the same class
ifall the data ofthe n-tuple are in the same class, the
partitioning cost in the same class being a decreas-
ing function of the correlation of the n-tuple; and
of the partitioning costs of an n-tuple in different
classes when all the data of the n-tuple are notin the
same class, the partitioning cost in the different
classes being an increasing function of the correla-
tion of the n-tuple; and
means for retaining as a grouping of data the distribution
inthe classes minimizing the global partitioning error.

8. A system of characterizing at least one wireless signal
source, comprising:

a computing environment configured to:

measure, from a set of sensors having antennas, a set of

technical data specific to the wireless signals emitted by
the wireless signal source;

group together the technical data in a set of classes depend-

ing on the correlations on the data; and

characterize the wireless signal source from the technical

data having been grouped together;

wherein the grouping comprises:

calculate correlations on the data n-tuples with n>2;
calculate a global partitioning error for different distri-
butions of the data in the classes, the global partition-
ing error being defined as a sum, for all the n tuples:
of'the partitioning costs of an n-tuple in the same class
ifall the data ofthe n-tuple are in the same class, the
partitioning cost in the same class being a decreas-
ing function of the correlation of the n-tuple; and
of the partitioning costs of an n-tuple in different
classes when all the data of the n-tuple are notin the
same class, the partitioning cost in the different
classes being an increasing function of the correla-
tion of the n-tuple; and
retain as a grouping of data the distribution in the classes
minimizing the global partitioning error.
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